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Abstract
As AI becomes more ubiquitous there is a need to ensure that those
on the margins of society, such as refugees and asylum-seekers, are
not left behind. As such, this paper presents research conducted
with 29 YRAS in Newcastle-upon-Tyne (UK) exploring their usage,
awareness and perceptions of AI technologies. Our findings provide
groundwork for the design and development of humanitarian AIs
and AI literacy programmes for this population.

CCS Concepts
• Human-centered computing→ Empirical studies in HCI.
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1 Introduction
Artificial Intelligence (AI) is increasingly being interwoven in to
everyday processes and society, especially in areas where there are
promises of AIs improving efficiencies. This is especially true in the
humanitarian sector [27, 28] where refugees and asylum-seekers
(YRAS), their needs, and migration journeys are increasingly being
managed through and with AI technologies [8, 22]. Similar to the
digitalisation of humanitarian action [35, 36] and asylum-seeking
processes [12, 23], the AI turn runs the risk of increasing inequalities
between refugees and the socio-technical systems that govern their
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lives [28, 34]. These inequalities are exacerbated by low AI literacy
levels held by refugees and asylum seekers, disempowering them
when using these platforms [33], and restricting their ability to
responsibly harness the opportunities and benefits AI tools may
offer them.

Motivated by these challenges, the research presented in this pa-
per aims to shed light on the use and perceptions of AI technologies
by YRAS residing in the NorthEast of England. Situated in research
on children’s use and understandings of AI, we contribute how
YRAS are currently engaging with AI technologies, their aware-
ness of the capabilities of AI technologies, and how they perceive
AI technologies. We discuss the implications of our findings for
humanitarian AI technologies and AI literacy programmes.

2 Related Work
Our research is motivated by existing literature on humanitarian
AI, refugees interacting with AI and children’s use and perceptions
of AI.

2.1 Refugees and AI
Refugees and asylum-seekers are increasingly interacting with ev-
eryday and humanitarian AI technologies [5]. AI research within
this area has focused on building tailored systems for national gov-
ernance such as forecasting migration policy outcomes[3], social
media summarisation for inclusive policymaking [15], and even au-
tomated asylum seeker interviews [19]. Some AI systems have been
developed to aid humanitarian resource allocation [25], forecast
migration trends [21] and predict the likelihood of individuals over-
staying their visas [4]. AI chatbots services have been used to medi-
ate interactions between migrants and service advisors [36]. These
are developed without the input of the community they are be-
ing used on, thus maintaining the technologically-mediated power
imbalance between refugees and the humanitarian system [34].

As such, understanding refugees’ and asylum-seekers’ current
use and perceptions of AI technologies is key, as a first step in
contributing to the implementation of Responsible AI within this
space. Tachtler et al. [33] argue the need for the accounting of this
communities’ privacy and security concerns; and raise concerns
regarding low technology and AI literacy. In this paper we respond
to this call with a focus on YRAS.
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2.2 Children and AI
As there is limited research on AI use and understandings with
YRAS, we draw on and situate our research in wider research fo-
cused on children and AI.

Investigations to how different groups perceive AI have revealed
a range of preconceptions, misconceptions, and myths around AI
including exaggerated expectations regarding the tech’s capabili-
ties [11] to misconceptions of AI possessing human-like abilities
[13, 30]. Investigations into children’s perceptions of and interac-
tions with AI have shown that they have a mixed understanding
of what AI is. They often associate it with digital devices such
as smartphones and smartwatches [14], conflate AI with robotics
[16, 24] and overestimate AI’s capabilities [9].

Studies have found that gender, socioeconomic status, culture,
and digital literacy can influence children’s attitudes and percep-
tions of AI [1]. In addition, children from lower socio-economic
backgrounds tend to struggle to use AI in comparison with their
higher socio-economic counterparts [10]. A comparative study of
children’s scepticism towards AI, Druga et al. [10] found that chil-
dren in Europe with higher computer/AI literacy were more scep-
tical than their American counterparts. In contrast, research with
children in Nigeria exploring their imaginaries of the use of AI,
identified that children find AI technologies to be a useful “Search
Machine” [1, p.3] and tool for translation.

While research sheds light on children’s perceptions, under-
standings and trust (and scepticism) towards AI technologies, there
is a need to further explore these with communities on the mar-
gins of society [33] so that populations such as YRAS and the
communities they belong to are not excluded from the wider Child-
Centric AI [31] and Responsible AI agenda. In addition and as
previously outlined (see section 2.1), there is a need to account for
socio-political factors specific to YRAS that shape their understand-
ings, interactions and experiences with (AI) technologies.

3 Methods
The data analysis presented in this paper is rooted in a wider project
titled ” Misinformation/Disinformation and Generative AI: Building
Young Refugees’ Skills and Capacities” being led in partnership with
action Foundation– a third sector organisation supporting refugees.
Data was collected as part of weekly Computer Club sessions we
run for YRAS and a focus group with a wider group of YRAS. The
project received ethical approval from Northumbria University
Ethical Review College.

3.1 Recruitment
Recruitment was conducted through action Foundation. Partici-
pants were assigned Participant IDs (P1-P28) by the research team.

3.1.1 Computer Club Sessions. The Computer Club was set up as
an ‘alternative school day’ to which YRAS were referred. Upon
referral, written consent and guardian assent were collected.

In this paper we present analysis from the two sessions that
were used to collect data on AI literacy and their understandings
of AI. Participants’ ages ranged from 13-18 with 5 boys (P1-P5)
participating in session one and 5 boys and one girl (P1, P2, P4, P5,

P6, P7) in session two. Pseudonyms were selected by participants
based on their favourite food.

3.1.2 Focus Group. Focus group participants were recruited by
our partner organisation and consent and guardian assent were
obtained prior to the initiation of the focus group. In total we had
21 participants (Participant IDs: P8-P29) with ages ranging from 8
to 17 and a total of 11 boys and 10 girls.

Self-reported ethnicity/countries of participants across the Com-
puter Club sessions and focus group included: Iraqi, Kurdish, Por-
tuguese, Iranian, Jordanian, Syrian, Sudanese, Eritrean, Colombian
and Philippines.

3.2 Data Collection
Across both the Computer Club sessions and focus group, dis-
cussions among participants and the research team were audio
recorded. Additionally, the research team recorded observation
notes.

3.2.1 Computer Club Sessions. In each session (approximately two
hours each), participants were asked to discuss their thoughts and
opinions about AI (session one) and the trustworthiness of Genera-
tive AI (session two). They were also tasked to complete worksheets
that prompted them to share: (1) AI technologies they use and why,
(2) which digital platforms they think use AI, (3) what they think
AI can do (4) how they think AI technologies work, (5) who they
think makes AI technologies, and (6) if they believe generative AI
outputs are always correct.

3.2.2 Focus Group. The Focus Group (approximately one hour)
followed a semi-structured topic guide exploring topics covered
during Computer Club sessions (above).

3.3 Data Analysis
At the end of each Computer Club session and after the focus group,
the research team met for a debrief– sharing notes, key observa-
tions and statements made by participants. Transcriptions of audio
recordings and research team notes were combined in to a single
data corpus. A preliminary thematic analysis was conducted [7],
guided by discussions held by the research team during session
debriefings.

4 Preliminary Findings
In this section we present participants’ current usage and aware-
ness of AI technologies. Furthermore, we draw attention to how
YRAS perceive AI technologies through the ways in which they
conceptualise AI and through the lens of trust.

4.1 Use & Awareness of AI Technologies
4.1.1 Current Use of AI. Throughout the Computer Club Sessions,
we observed several participants using the Google App for text
recognition to translate the text in the worksheets to their preferred
language. One participant, P4, was observed using the Google App’s
speech-to-text so that he may convert Arabic speech to text that
he would then translate to English responses in the worksheet.

In addition, despite being advised they can use a search engine
to look up terms, several of them used ChatGPT on their phones

2
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and the desktop computers– in essence treating the Generative AI
tool as a search engine. This notion of AI being used as a search
engine was further re-enforced by a participant describing AI as
basically google (P23).

When further probed on how they usually use ChatGPT, the
majority of participants indicated that they use it as a helpful tool:

“I use it to learn English” (P3))
“For school work and to ask questions about things
she has been thinking about in life” (P25)

The above highlight the ubiquity of generative AI tool among
participants.

4.1.2 Awareness of uses & capabilities of AI. When prompted about
where they think AI technologies are being used, some participants
were conscious of digital platforms using Recommender AI:

“it [AI] suggests things that the user will like on
Insta[gram]” (P2)
“[AI is used] for finding movie” (P20)

In addition, some participants referred to how AI is used in self-
driving cars and in medical imaging. Participants were also quite
aware of the capabilities of Generative AI stating:

“It can draw what I want” (P3)
“It can make things from your imagination and
make it real” (P5)
“In Snapchat you have someone called AI...to chat
with it” (P8)

However, some misattributed the use of AI in digital tools and
features within their mobile phones such as “AI also fixes the time on
my phone when I travel” (P3), sending calendar reminders and mak-
ing calls to people in other countries. Other participants attributed
AI to the making of mobile phone applications:

“Snapchat got created by AI” (P26)
Further, one participant stated that AI is being used everywhere:

“We don’t have to say we will use it, it already sees
everything and can hear our voice...it is not sup-
posed to happen, they have it in everything but
have not told us about it” (P5)

The above quote not only highlights the misconceived under-
standing of the current state of the pervasiveness of AI technologies,
but also implies a degree of distrust towards AI technologies on
which we expand further (see Section 4.2.2).

4.2 Perceptions of AI Technologies
In this section, we present findings demonstrating how YRAS per-
ceive AI technologies through unpacking how they conceptualise
AI and the ways through which they frame their trust/distrust of
AI technologies.

4.2.1 Conceptualisations of AI technologies. When encouraged to
conceptualise AI technologies, some participants pointedly agreed
that AI is not a human as it:

“does not have emotions...It [AI] can not forget any-
thing...a human can forget” (P3)

While one participant justified that “I don’t think it is my friend,
he is not human” (P5) another participant disagreed to an extent by
stating:

“[you] can think of it as a friend...but not a close
friend...a work colleague!” (P3)

Others conceptualised AI through the way in which it works as
a human-made tool:

“It works with a press of a button...humans invented
it, they put in to it information and when you ask
a question it answers...the human programmes an-
swers and questions” (P4)

While the above quotes depict a conceptualisation that is rooted
in AI as a program, it also highlights a misconception that all an-
swers and questions are programmed in to AI, thus overlooking
the Machine Learning component of AI. Such misconceptions are
further echoed in data from the focus group where one participant
indicated that Generative AI is merely a digital interface connecting
them to another human:

“They say there is a person answering and he calls
himself AI” (P19)

Other conceptualisations included depicting AI as an intercon-
nected network of AIs all connected to one another and learning
from each other (P2).

4.2.2 Trust & AI. During data collection, we prompted partici-
pants to discuss whether they trust AI technologies– encouraging
them to consider the wider socio-technical landscape such as ’How
does who made the AI technologies change if you trust it or not?’.
Here, participants’ experiences of fleeing conflict and distrust in
governments played a key factor. Indeed, the majority of partici-
pants indicated that they believe it is governments that make AI
technologies:

“P4: The governments tell the computer scientists
to make it
P2: The technology companies make it under the
supervision of governments”

As such, their trust towards an AI technology may be intimately
intertwined with their political views and inclinations towards the
governments and countries that they believe made them:

“I trust the AI made by China...you know China has
a lot of civilisation and a lot of information” (P21)

Others attributed their trust towards AI made by countries based
on the country’s history in manufacturing technological products:

“Whywouldn’t I trust theAI fromChina...everything
else is made in China” (P19)

That being said, there was also an emphasis on placing trust in
technology companies that they perceive to make ‘good technology’
with P19 changing her mind and stating:

“Actually, I might trust the AI made by iPhone the
person who made it is smart” (P19)

In parallel, other participants attributed their distrust towards
AI technologies to their views on technology celebrities:

“[AI] accesses information...people like Elon Musk
can get information from banks [using it]” (P7)

3
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Some linked their trust in AI based on how well they consider
Generative AI is in providing correct information. Trust in the
correctness of Generative AI outputs varied:

“It is guaranteed...it is smarter than you think” (P4)
“Sometimes I believe it...sometimes” (P19)
“AI information is like 50 percent because some
information is not correct and you decide if it is
correct or not” (P23)

P3 further elaborated that his trust towards Generative AI stems
from his own experimentation with it:

“I asked him [ChatGPT] a lot of questions and it is
right except for religious questions, he can’t answer
it”

Others placed trust in that it is pulling answers from the web,
therefore resulting in mostly accurate outputs, and in that it is
responding the best it can to their prompts:

“It is not AI’s fault [if something is incorrect]. It
respects what we want and he does it to help” (P2)
“if you ask stupid questions, of course he won’t
answer you [properly]” (P23)

However, connecting back to his conceptualisation of AI as being
and interconnected network of AIs all connected to one another
and learning from each other (See section 4.2.1), P2 later went on
to express concerns towards what would happen if one AI had
incorrect information:

“What if there is information [intended] to mislead
people...All the AI is connected and they might all
be wrong” (P2)

The concern towards AI sharing incorrect informationwas echoed
by others:

“It will maybe lie...it would lie on purpose” (P6)
“It lies when it does not know something” (P1)
“But sometimes it [AI] plants an answer in the mind
of a person and the person does not know” (P5)

These findings highlight the mixed perceptions among participants
of generative AI technologies as sources of information.

5 Discussion
Our findings reaffirm that just like other technologies (e.g., smart-
phones [6, 32]), refugees harness the opportunities of AI to support
them in their migration journey and navigating their new homes
whether it be using AI for language translation [1] and learning
and as a search engine [1].

In addition, our analysis highlights that YRAS often misattribute
the use of AI by functionalities on their smartphones. This is similar
to previous research on children’s awareness of AI capabilities [14].
Their conceptualisations of AI ranged from being merely an in-
terface mediating their conversations with another human to an
interconnected network of many AIs. Some expressed distrust in
AI outputs, claiming that it may lie, and others pointed to how it is
smarter than we think. While some participants’ trust in AI aligns
with research showing that individuals with lower socio-economic
status and limited digital literacy tend to be less sceptical of AI [10],
their scepticism grew as they discussed which government, com-
pany or tech celebrity was involved in the development of AI. Their

belief that governments are in control of making AI technologies
may have repercussions specific to this population when consid-
ering trust and humanitarian AI. Indeed, research with refugees
has identified how fear of persecution and distrust towards gov-
ernments contributes to a hesitance in using and participating in
data-driven technologies [29, 37]. As such, there is an opportunity
for AI practitioners to be more transparent about how the AI sys-
tems are developed and to disclose any government involvement
as we found that that is relevant to refugees.

Furthermore, we found that one participant initially assumed
that Generative AI would be able to respond to questions about reli-
gion, but when it failed to do so accurately he developed a distrust
towards it. This points to a need for the various epistemologies held
by communities to be incorporated into AIs as a way of establishing
trust and in this case echoing decolonial calls [20] for faith-based
computing [26].

Coupled with the aforementioned top-down approaches for AI
transparency and trust, our findings also indicate the need for AI
literacy programmes for this population. Research has shown that
perceptions of AI can be altered significantly with educational inter-
ventions and tools [2, 17, 18] with improvements in understanding
of AI capabilities recorded when AI is introduced and used in class-
room settings [9].

6 Conclusion
In this paper, we present findings from Computer Club sessions
and a focus group with YRAS where we explored their AI literacy
and understandings. We bring to the fore their current use and
awareness of AI technologies and their perceptions of these tech-
nologies. We highlight the need to account for their perceptions of
AI technologies and their ties to governments, as well as the epis-
temological basis through which they perceive them. Accordingly,
we make recommendations for the design of AI technologies and
AI literacy programmes for this population.

7 Acknowledgments
Thank you to all participants and action Foundation volunteers
who joined us for the Computer Club Sessions and focus group.
This research was funded by the Engineering and Physical Sciences
Research Council [grant number EP/Y009800/1], through funding
from Responsible AI UK (RAI-SK-BID-00055).

References
[1] Cornelius Onimisi Adejoro, Luise Arn, Larissa Schwartz, and Tom Yeh. 2023.

Empower Children in Nigeria to Design the Future of Artificial Intelligence
(AI) through Writing. In Proceedings of the 22nd Annual ACM Interaction Design
and Children Conference. ACM, Chicago IL USA, 677–680. doi:10.1145/3585088.
3593860

[2] Ibrahim Oluwajoba Adisa, Ian Thompson, Tolulope Famaye, Deepika Sistla,
Cinamon Sunrise Bailey, Katherine Mulholland, Alison Fecher, Caitlin Marie
Lancaster, and Golnaz Arastoopour Irgens. 2023. S.P.O.T: A Game-Based Ap-
plication for Fostering Critical Machine Learning Literacy Among Children. In
Proceedings of the 22nd Annual ACM Interaction Design and Children Conference.
ACM, Chicago IL USA, 507–511. doi:10.1145/3585088.3593884

[3] Belgin Aydemir, Hakan Aydın, Ali Çetinkaya, and Doğan Şafak Polat. 2022.
Predicting the Income Groups and Number of Immigrants by Using Machine
Learning (ML). International Journal of Multidisciplinary Studies and Innovative
Technologies 6, 2 (Dec. 2022), 162–168. https://dergipark.org.tr/tr/pub/ijmsit/
issue/73364/1130985 Number: 2 Publisher: SET Teknoloji.

[4] SeyedSoroosh Azizi and Kiana Yektansani. 2020. Artificial Intelli-
gence and Predicting Illegal Immigration to the USA. International

4

https://doi.org/10.1145/3585088.3593860
https://doi.org/10.1145/3585088.3593860
https://doi.org/10.1145/3585088.3593884
https://dergipark.org.tr/tr/pub/ijmsit/issue/73364/1130985
https://dergipark.org.tr/tr/pub/ijmsit/issue/73364/1130985


465

466

467

468

469

470

471

472

473

474

475

476

477

478

479

480

481

482

483

484

485

486

487

488

489

490

491

492

493

494

495

496

497

498

499

500

501

502

503

504

505

506

507

508

509

510

511

512

513

514

515

516

517

518

519

520

521

522

Young Refugees’ and Asylum-Seekers’ Uses and Perceptions of AI: AQualitative Study Conference acronym ’XX, June 03–05, 2018, Woodstock, NY

523

524

525

526

527

528

529

530

531

532

533

534

535

536

537

538

539

540

541

542

543

544

545

546

547

548

549

550

551

552

553

554

555

556

557

558

559

560

561

562

563

564

565

566

567

568

569

570

571

572

573

574

575

576

577

578

579

580

Migration 58, 5 (2020), 183–193. doi:10.1111/imig.12695 _eprint:
https://onlinelibrary.wiley.com/doi/pdf/10.1111/imig.12695.

[5] Jessica Bither and Astrid Ziebarth. 2021. Automating decision-making
in migration policy: a navigation guide. https://www.bertelsmann-
stiftung.de/en/publications/publication/did/automating-decision-making-in-
migration-policy-a-navigation-guide-all

[6] Joseph G. Bock, Ziaul Haque, and Kevin A. McMahon. 2020. Displaced and
dismayed: how ICTs are helping refugees and migrants, and how we can do
better. Information Technology for Development 26, 4 (Oct. 2020), 670–691. doi:10.
1080/02681102.2020.1727827

[7] Virginia Braun and Victoria Clarke. 2021. Thematic Analysis: A Practical Guide.
Sage. https://us.sagepub.com/en-us/nam/thematic-analysis/book248481

[8] Rianne Dekker, Paul Koot, S. Ilker Birbil, and Mark Van Embden Andres. 2022.
Co-designing algorithms for governance: Ensuring responsible and accountable
algorithmic management of refugee camp supplies. Big Data & Society 9, 1 (Jan.
2022), 20539517221087855. doi:10.1177/20539517221087855

[9] Stefania Druga and Amy J Ko. 2021. How do children’s perceptions of machine
intelligence change when training and coding smart programs?. In Proceedings
of the 20th Annual ACM Interaction Design and Children Conference (IDC ’21).
Association for Computing Machinery, New York, NY, USA, 49–61. doi:10.1145/
3459990.3460712

[10] Stefania Druga, Sarah T. Vu, Eesh Likhith, and Tammy Qiu. 2019. Inclusive
AI literacy for kids around the world. In Proceedings of FabLearn 2019 (FL2019).
Association for Computing Machinery, New York, NY, USA, 104–111. doi:10.
1145/3311890.3311904

[11] Alexander Hick and Martina Ziefle. 2022. A Qualitative Approach to the Public
Perception of AI. International Journal on Cybernetics & Informatics 11, 4 (Aug.
2022), 1–17. doi:10.5121/ijci.2022.110401

[12] Rikke Bjerg Jensen, Lizzie Coles-Kemp, and Reem Talhouk. 2020. When the
Civic Turn turns Digital: Designing Safe and Secure Refugee Resettlement. In
Proceedings of the 2020 CHI Conference on Human Factors in Computing Systems
(CHI ’20). Association for Computing Machinery, New York, NY, USA, 1–14.
doi:10.1145/3313831.3376245

[13] Maria Kasinidou, Styliani Kleanthous, and Jahna Otterbacher. 2023. Artificial
Intelligence in Everyday Life: Educating the Public Through an Open, Distance-
learning Course. In Proceedings of the 2023 Conference on Innovation and Technol-
ogy in Computer Science Education V. 1 (ITiCSE 2023). Association for Computing
Machinery, New York, NY, USA, 306–312. doi:10.1145/3587102.3588784

[14] Maria Kasinidou, Styliani Kleanthous, and Jahna Otterbacher. 2024. "AI is a robot
that knows many things": Cypriot children’s perception of AI. In Proceedings
of the 23rd Annual ACM Interaction Design and Children Conference (IDC ’24).
Association for Computing Machinery, New York, NY, USA, 897–901. doi:10.
1145/3628516.3659414

[15] Arefeh Kazemi, Arjumand Younus, Mingyeong Jeon, M. Atif Qureshi, and Simon
Caton. 2023. InÉire: An Interpretable NLP Pipeline Summarizing Inclusive Policy
Making Concerning Migrants in Ireland. IEEE Access 11 (2023), 88807–88823.
doi:10.1109/ACCESS.2023.3303105

[16] Keunjae Kim, Kyungbin Kwon, Anne Ottenbreit-Leftwich, Haesol Bae, and Krista
Glazewski. 2023. Exploring middle school students’ common naive conceptions
of Artificial Intelligence concepts, and the evolution of these ideas. Education
and Information Technologies 28, 8 (Jan. 2023), 9827–9854. doi:10.1007/s10639-
023-11600-3

[17] Matthias Carl Laupichler, Alexandra Aster, Jana Schirch, and Tobias Raupach.
2022. Artificial intelligence literacy in higher and adult education: A scoping
literature review. Computers and Education: Artificial Intelligence 3 (Jan. 2022),
100101. doi:10.1016/j.caeai.2022.100101

[18] Duri Long and Brian Magerko. 2020. What is AI Literacy? Competencies and
Design Considerations. In Proceedings of the 2020 CHI Conference on Human Fac-
tors in Computing Systems. ACM, Honolulu HI USA, 1–16. doi:10.1145/3313831.
3376727

[19] Robert G McNamara and Pia Tikka. 2023. Well-Founded Fear of Algorithms or
Algorithms of Well-Founded Fear? Hybrid Intelligence in Automated Asylum
Seeker Interviews. Journal of Refugee Studies 36, 2 (June 2023), 238–270. doi:10.
1093/jrs/feac067

[20] Shakir Mohamed, Marie-Therese Png, andWilliam Isaac. 2020. Decolonial AI: De-
colonial Theory as Sociotechnical Foresight in Artificial Intelligence. Philosophy
& Technology 33, 4 (Dec. 2020), 659–684. doi:10.1007/s13347-020-00405-8

[21] Lucia Nalbandian and Nickolas Dreher. 2022. Advanced Digital Technologies
in Migration Management: A Review of Emerging Literature. https://www.
semanticscholar.org/paper/Advanced-Digital-Technologies-in-Migration-A-
Review-Nalbandian-Dreher/0472731219120ec45ecf9b2aa024389566360e79

[22] Isar Nejadgholi, Maryam Molamohammadi, Kimiya Missaghi, and Samir
Bakhtawar. 2024. Human-Centered AI Applications for Canada’s Immigration
Settlement Sector. Proceedings of the AAAI/ACM Conference on AI, Ethics, and
Society 7 (Oct. 2024), 1036–1050. doi:10.1609/aies.v7i1.31701

[23] Trine Rask Nielsen, Thomas Gammeltoft-Hansen, and Naja Holten Møller. 2024.
Mobile Phone Data Transforming Casework in Asylum Decision-making: In-
sights from the Danish Case. ACM J. Responsib. Comput. 1, 4 (Dec. 2024), 27:1–
27:29. doi:10.1145/3696469

[24] Anne Ottenbreit-Leftwich, Krista Glazewski, Minji Jeon, Katie Jantaraweragul,
Cindy E. Hmelo-Silver, Adam Scribner, Seung Lee, Bradford Mott, and James
Lester. 2023. Lessons Learned for AI Education with Elementary Students and
Teachers. International Journal of Artificial Intelligence in Education 33, 2 (June
2023), 267–289. doi:10.1007/s40593-022-00304-3

[25] Jovan D Rebolledo-Mendez, Felix A. Tonatiuh Gomez Briones, and Leslie G
Gonzalez Cardona. 2022. Legal Artificial Assistance Agent to Assist Refugees.
In 2022 IEEE International Conference on Big Data (Big Data). 5126–5128. doi:10.
1109/BigData55660.2022.10020976

[26] Mohammad Rashidujjaman Rifat, Firaz Ahmed Peer, Hawra Rabaan, Nusrat Jahan
Mim, Maryam Mustafa, Kentaro Toyama, Robert B. Markum, Elizabeth Buie,
Jessica Hammer, Sharifa Sultana, Samar Sabie, and Syed Ishtiaque Ahmed. 2022.
Integrating Religion, Faith, and Spirituality in HCI. In Extended Abstracts of
the 2022 CHI Conference on Human Factors in Computing Systems (CHI EA ’22).
Association for Computing Machinery, New York, NY, USA, 1–6. doi:10.1145/
3491101.3503705

[27] Sarah Spencer. 2021. Humanitarian AI: the hype, the hope and the future. Net-
work Paper Number 85. https://odihpn.org/wp-content/uploads/2021/11/HPN-
Network-Paper_AI_web_181121.pdf

[28] Sarah Spencer. 2024. Humanitarian AI revisited: Seizing the poten-
tial and sidestepping the pitfalls. Network Paper Number 89. ODI.
https://odihpn.org/publication/humanitarian-ai-revisited-seizing-the-
potential-and-sidestepping-the-pitfalls/

[29] Emrys Schoemaker, Baslan , Dina, Pon , Bryan, , and Nicola Dell. 2021. Identity
at the margins: data justice and refugee experiences with digital identity systems
in Lebanon, Jordan, and Uganda. Information Technology for Development 27,
1 (Jan. 2021), 13–36. doi:10.1080/02681102.2020.1785826 Publisher: Routledge
_eprint: https://doi.org/10.1080/02681102.2020.1785826.

[30] Neil Selwyn and Beatriz Gallo Cordoba. 2022. Australian public understandings
of artificial intelligence. AI Soc. 37, 4 (Dec. 2022), 1645–1662. doi:10.1007/s00146-
021-01268-z

[31] Sumita Sharma, Marianne Kinnula, Netta Iivari, Leena Ventä-Olkkonen, Heidi
Hartikainen, Eva Durall, Tonja Molin-Juustila, Jussi Okkonen, Sirkku Kotilainen,
Nitin Sawhney, Grace Eden, and Charu Monga. 2022. Age Against the Machine:
A Call for Designing Ethical AI for and with Children. In Adjunct Proceedings of
the 2022 Nordic Human-Computer Interaction Conference (NordiCHI ’22 Adjunct).
Association for Computing Machinery, New York, NY, USA, 1–6. doi:10.1145/
3547522.3547702

[32] Enno Steinbrink, Lilian Reichert, Michelle Mende, and Christian Reuter. 2021.
Digital Privacy Perceptions of Asylum Seekers in Germany: An Empirical Study
about Smartphone Usage during the Flight. Proc. ACM Hum.-Comput. Interact. 5,
CSCW2 (Oct. 2021), 382:1–382:24. doi:10.1145/3479526

[33] Franziska Tachtler, Konstantin Aal, Tanja Ertl, Daniel Diethei, Jasmin Niess,
Mohammed Khwaja, Reem Talhouk, Giovanna Nunes Vilaza, Shaimaa Lazem,
Aneesha Singh, Marguerite Barry, Volker Wulf, and Geraldine Fitzpatrick. 2021.
Artificially Intelligent Technology for the Margins: A Multidisciplinary Design
Agenda. In Extended Abstracts of the 2021 CHI Conference on Human Factors in
Computing Systems (CHI EA ’21). Association for Computing Machinery, New
York, NY, USA, 1–7. doi:10.1145/3411763.3441333

[34] Reem Talhouk. 2024. Chapter 22: Humanitarian technologies. In Handbook on
Humanitarianism and Inequality, Silke Roth, Bandana Purkayastha, and Tobais
Denskus (Eds.). Edward Elgar Publishing, 308–322. https://www.elgaronline.
com/edcollchap/book/9781802206555/book-part-9781802206555-32.xml

[35] Reem Talhouk, Kyle Montague, Hala Ghattas, Vera Araujo-Soares, Balsam
Ahmad, and Madeline Balaam. 2022. Refugee Food Insecurity & Technol-
ogy: Surfacing Experiences of Adaptation, Navigation, Negotiation and Shar-
ing. Computer Supported Cooperative Work (CSCW) 31, 2 (June 2022), 341–372.
doi:10.1007/s10606-022-09423-w

[36] Lucy Truong, Sunok Lee, and Nitin Sawhney. 2024. Enhancing Conversations in
Migrant Counseling Services: Designing for Trustworthy Human-AI Collabora-
tion. Proceedings of the ACM on Human-Computer Interaction 8, CSCW2 (Nov.
2024), 1–25. doi:10.1145/3687034

[37] KerenWeitzberg, Margie Cheesman, AaronMartin, and Emrys Schoemaker. 2021.
Between surveillance and recognition: Rethinking digital identity in aid. Big Data
& Society 8, 1 (Jan. 2021), 20539517211006744. doi:10.1177/20539517211006744
Publisher: SAGE Publications Ltd.

5

https://doi.org/10.1111/imig.12695
https://www.bertelsmann-stiftung.de/en/publications/publication/did/automating-decision-making-in-migration-policy-a-navigation-guide-all
https://www.bertelsmann-stiftung.de/en/publications/publication/did/automating-decision-making-in-migration-policy-a-navigation-guide-all
https://www.bertelsmann-stiftung.de/en/publications/publication/did/automating-decision-making-in-migration-policy-a-navigation-guide-all
https://doi.org/10.1080/02681102.2020.1727827
https://doi.org/10.1080/02681102.2020.1727827
https://us.sagepub.com/en-us/nam/thematic-analysis/book248481
https://doi.org/10.1177/20539517221087855
https://doi.org/10.1145/3459990.3460712
https://doi.org/10.1145/3459990.3460712
https://doi.org/10.1145/3311890.3311904
https://doi.org/10.1145/3311890.3311904
https://doi.org/10.5121/ijci.2022.110401
https://doi.org/10.1145/3313831.3376245
https://doi.org/10.1145/3587102.3588784
https://doi.org/10.1145/3628516.3659414
https://doi.org/10.1145/3628516.3659414
https://doi.org/10.1109/ACCESS.2023.3303105
https://doi.org/10.1007/s10639-023-11600-3
https://doi.org/10.1007/s10639-023-11600-3
https://doi.org/10.1016/j.caeai.2022.100101
https://doi.org/10.1145/3313831.3376727
https://doi.org/10.1145/3313831.3376727
https://doi.org/10.1093/jrs/feac067
https://doi.org/10.1093/jrs/feac067
https://doi.org/10.1007/s13347-020-00405-8
https://www.semanticscholar.org/paper/Advanced-Digital-Technologies-in-Migration-A-Review-Nalbandian-Dreher/0472731219120ec45ecf9b2aa024389566360e79
https://www.semanticscholar.org/paper/Advanced-Digital-Technologies-in-Migration-A-Review-Nalbandian-Dreher/0472731219120ec45ecf9b2aa024389566360e79
https://www.semanticscholar.org/paper/Advanced-Digital-Technologies-in-Migration-A-Review-Nalbandian-Dreher/0472731219120ec45ecf9b2aa024389566360e79
https://doi.org/10.1609/aies.v7i1.31701
https://doi.org/10.1145/3696469
https://doi.org/10.1007/s40593-022-00304-3
https://doi.org/10.1109/BigData55660.2022.10020976
https://doi.org/10.1109/BigData55660.2022.10020976
https://doi.org/10.1145/3491101.3503705
https://doi.org/10.1145/3491101.3503705
https://odihpn.org/wp-content/uploads/2021/11/HPN-Network-Paper_AI_web_181121.pdf
https://odihpn.org/wp-content/uploads/2021/11/HPN-Network-Paper_AI_web_181121.pdf
https://odihpn.org/publication/humanitarian-ai-revisited-seizing-the-potential-and-sidestepping-the-pitfalls/
https://odihpn.org/publication/humanitarian-ai-revisited-seizing-the-potential-and-sidestepping-the-pitfalls/
https://doi.org/10.1080/02681102.2020.1785826
https://doi.org/10.1007/s00146-021-01268-z
https://doi.org/10.1007/s00146-021-01268-z
https://doi.org/10.1145/3547522.3547702
https://doi.org/10.1145/3547522.3547702
https://doi.org/10.1145/3479526
https://doi.org/10.1145/3411763.3441333
https://www.elgaronline.com/edcollchap/book/9781802206555/book-part-9781802206555-32.xml
https://www.elgaronline.com/edcollchap/book/9781802206555/book-part-9781802206555-32.xml
https://doi.org/10.1007/s10606-022-09423-w
https://doi.org/10.1145/3687034
https://doi.org/10.1177/20539517211006744

	Abstract
	1 Introduction
	2 Related Work
	2.1 Refugees and AI
	2.2 Children and AI

	3 Methods
	3.1 Recruitment
	3.2 Data Collection
	3.3 Data Analysis

	4 Preliminary Findings
	4.1 Use & Awareness of AI Technologies
	4.2 Perceptions of AI Technologies

	5 Discussion
	6 Conclusion
	7 Acknowledgments
	References

